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Feasibility study of a new technique of artificial intelligence and image analysis based on the deep learning
neural networks for cytological screening of cervical intraepithelial lesions ZHANG Shi-hao, XIAN Li-ying,
GAO Min, et al. Department of Pathology, Dongguan People's Hospital, Guangdong 523059, China

[ Abstract] Objective To explore the feasibility of a new technique of artificial intelligence and image analy-
sis based on the deep learning neural networks for cytological screening of cervical intraepithelial lesions. Methods
Three hundred and seventy-three cases who took physical examination in our hospital during July 2017 and December
2017 were diagnosed with cervical intraepithelial lesions by cervical biopsy under hysteroscopy and liquid-based cervi-
cal cytology. These patients were taken as the study subjects. The network liquid-based cytology results of the net-
work intelligent image recognition system( the intelligent system) reading and manual reading were compared with the
results of the colposcopy cervical tissue biopsy. Results There was no significant difference between the two methods
in sensitivity of cervical intraepithelial lesions( P >0.05). The specificity and coincidence rates of the intelligent sys-
tem for cervical intraepithelial lesions were significantly lower than those of manual examination( P <0. 05). Conclusion
The intelligent system may provide another practical and effective means of cytological screening of cervical intraepi-
thelial lesions.
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