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[ Abstract |

With the development and application of artificial intelligence (AT) , AT would be helpful to build

a new medical system for the prevention and therapy of cardiovascular diseases. In the domestic clinical practice, the

clinical data are too huge and complicated to be analyzed and explored, however Al could work like human brain to

learn and think to help clinical practice, based on an efficient computing system. In this paper, we make an introduc-

tion of Al and deep learning and review the application of Al in cardiovascular diagnosis and therapy to provide an ef-

ficent and accurate novel method of managing cardiovascular diseases.
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